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AbsTrACT
Objectives introduced in the UK in 2010, the fit note 
was designed to address the problem of long- term 
sickness absence. We explored (1) associations between 
demographic variables and fit note receipt, ’maybe fit’ 
use and long- term conditions, (2) whether individuals 
with long- term conditions receive more fit notes and are 
more likely to have the ’maybe fit’ option selected and 
(3) whether long- term conditions explained associations 
between demographic variables and fit note receipt.
Methods Data were extracted from lambeth Datanet, 
a database containing electronic medical records of 
all 45 general practitioner (gP) practices within the 
borough of lambeth. individual- level anonymised data 
on gP consultations, prescriptions, Quality and Outcomes 
Framework diagnostic data and demographic information 
were analysed using survival analysis.
results in a sample of 326 415 people, 41 502 
(12.7%) received a fit note. We found substantial 
differences in fit note receipt by gender, age, ethnicity 
and area- level deprivation. chronic pain (hr 3.7 (95% ci 
3.3 to 4.0)) and depression (hr 3.4 (95% ci 3.3 to 3.6)) 
had the highest rates for first fit note receipt. ’Maybe fit’ 
recommendations were used least often in patients with 
epilepsy and serious mental illness. The presence of long- 
term conditions did not explain associations between 
demographic variables and fit note use.
Conclusions For the first time, we show the 
relationships between fit note use and long- term 
conditions using individual- level primary care data from 
south london. Further research is required in order to 
evaluate this relatively new policy and to understand the 
needs of the population it was designed to support.
InTrOduCTIOn
Long- term sickness absence has damaging conse-
quences for affected individuals and families leading 
to social exclusion, adverse health outcomes and 
financial insecurity.1 In 2008, a United Kingdom 
(UK) government report suggested that the process 
of sickness certification by general practitioners 
(GPs) was a contributor to the problem of long- term 
sickness absence.2 In the UK, sickness certification 
is most often delivered to an unwell employee by 
a GP, after 7 days or more sickness absence.3 The 
fit note, introduced in 2010 in primary care in the 
UK, was designed to address the problem of long- 
term sickness absence by changing the sickness 
certification process from advising individuals on 
their inability to work to advising them on what 
they could do if work could be adapted.4 The fit 
note expands the ‘fit to work’ or ‘not fit to work’ 
options on the sick note, by including a third ‘maybe 
fit’ option. ‘Not fit for work’ and the new ‘maybe 
fit’ option both provide evidence of sickness to an 
employer and enable individuals to access sickness 
Key messages
What is already known about this subject?
 ► The fit note was designed to address the 
problem of long- term sickness absence by 
changing the sick note from a binary fit/not 
fit to include the third option: ‘maybe fit’ with 
associated work adjustments.
 ► Previous research has found fit note use to 
be highest among women, patients with 
mental health conditions and those with 
higher levels of deprivation. Work adjustments 
are recommended more often for physical 
conditions and for individuals with lower levels 
of deprivation.
What are the new findings?
 ► We explored associations between fit note use 
and long- term conditions, using clinical records, 
rather than being limited to clinical information 
provided on the fit note.
 ► Patients with chronic pain and depression 
had the highest rates for first fit note receipt. 
‘Maybe fit’ recommendations were used least 
often in patients with epilepsy and serious 
mental illness.
 ► We found wide demographic variation in 
prevalence of long- term conditions and risk of 
fit note receipt. Long- term conditions did not 
explain demographic variation in fit note use, 
suggesting that additional factors, such as job 
type, may contribute to fit note use.
How might this impact on policy or clinical 
practice in the foreseeable future?
 ► An understanding of the underlying needs of 
workers presenting for a fit note is necessary to 
enable policymakers and clinicians to support 
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benefits. However, the ‘maybe fit’ option encourages GPs to 
recommend work adjustments, such as reduced hours or altered 
duties. Each fit note is prescribed for a period of time decided 
by the issuing GP; this may be for days, weeks or months. The 
GP can extend the period of sickness absence prescribed on the 
first fit note (FFN) by providing further fit notes, each valid for 
a specified period of time. The ‘fit to work’, ‘not fit to work’ or 
‘maybe fit’ option chosen when the fit note is prescribed applies 
to the worker’s presentation at that time, and it may change on 
future fit notes according to the factors such as illness severity 
and employment type. The ‘maybe fit’ option is similar to partial 
sickness absence in Nordic countries but does not have the same 
legislative support.5 In the UK there is no legal obligation for 
employers to observe GP recommendations or for GPs to recom-
mend adjustments to workers.
Despite the scale and importance of the fit note policy, there 
has been surprisingly little independent research into fit note 
use.6 Previous studies have either used survey methods (where 
participation is inevitably incomplete leading to selection bias),7 
aggregated routine data (which suffer from the ecological fallacy, 
when an inference is made about an individual based on aggre-
gate data for a group)8 or relied on information collected directly 
from fit notes, with a lack of information on long- term condi-
tions and individual- level demographic variables.9
The largest study of fit note use, a national study by National 
Health Service (NHS) Digital, analysed over 5 million fit notes 
issued between 2014 and 2017: results were not analysed at the 
individual level, but were aggregated by Clinical Commissioning 
Groups (geographically based commissioning boards which 
operate across the NHS), and analysed using diagnosis and date 
of issue.8 Consistent with the findings of the NHS Digital study, 
our systematic review of fit note research found fit note use to 
be highest among women, people requesting sickness certifica-
tion for a mental health condition and more deprived individ-
uals.6 Work adjustments were recommended more often to the 
groups least likely to receive a fit note: those requesting sickness 
certification for physical conditions and individuals with lower 
levels of deprivation.6 Department of Work and Pensions fit note 
guidelines published in 2013 advised GPs to provide fit notes 
for shorter periods of time, for workers who aimed to return 
to modified work and for patients who were likely to need to 
remain on sick leave. In practice, fit note use varies widely by GP 
practice and by GPs’ occupational health training.9 10 There is 
some evidence of positive feedback from employers in response 
to clear work adjustment recommendations from GPs.6
Our aim in this study was to describe fit note use in the primary 
care population of Lambeth, an inner- city borough in south 
London characterised by an ethnically and socioeconomically 
diverse population. The present study explored (1) associations 
between demographic variables and fit note receipt, ‘maybe fit’ 
use and long- term conditions, (2) whether individuals with long- 
term conditions receive more fit notes and are more likely to 
have the ‘maybe fit’ option selected and (3) whether long- term 
conditions explained associations between demographic vari-
ables and fit note receipt.
MeTHOds
data
This is a longitudinal study using prospective data from elec-
tronic medical records. The duration of data gathering dates 
back to the introduction of electronic health records (digiti-
sation) in the study practices. This process was gradual but 
all practices in Lambeth had introduced full electronic health 
records by January 2005; most had completed this process 3–5 
years earlier. Data were extracted from the electronic medical 
records of all 45 general practices within the London Borough 
of Lambeth, as part of Lambeth DataNet (LDN). LDN is a 
primary care database which collects individual- level anony-
mised data on clinical diagnoses, referrals, consultations, treat-
ment prescriptions, lab tests and public health initiatives, such 
as the Quality and Outcomes Framework (QOF) diagnostic 
data. LDN also includes demographic information such as age, 
gender and self- identified ethnicity. LDN was created in 2006 as 
a local resource to improve ethnicity recording and to explore 
local health inequalities, particularly those based on ethnicity 
or social deprivation.11 12 The London Borough of Lambeth, 
home to a population of just over 318,000, is the 22nd most 
deprived local authority in England13 and has the 4th highest 
level of income inequality of any borough in London.14 Lambeth 
contains a young and ethnically diverse population, including 
large Portuguese, South American and Black populations.15 
Around 150 different languages are spoken and around 17 000 
people (6% of the population) speak a main language other 
than English.13 Thirty- eight per cent of the population was born 
outside of the UK.13 The number of individuals registered on 
LDN at any one time (n=405 000) exceeds the total Lambeth 
population recorded in the Census due to the cross- boundary 
registration of patients not living in Lambeth, GP list inflation 
and the temporary residence of students in the Lambeth area 
from surrounding universities. We analysed records covering a 
period of 40 months from 1 January 2014 to 30 April 2017. 
Data were extracted in May 2017 from the primary care clinical 
record system, EMIS Web. We restricted the sample to work-
ing- age adults aged 16–60 years in order to prevent exit from the 
workforce due to reaching statutory pension age (60–65 years 
during our study period), which is not measured in our sample.
Measures
Demographic variables
Information on individuals’ first recorded sex, year of birth, 
ethnicity and 2011- defined lower super output area (LSOA, an 
area covering an average population of 172216) were extracted 
from the GP records. Ethnicity was coded using seven subcate-
gories of ethnicity (Asian, Black African, Black Caribbean, Black- 
Other, Other,Mixed, and White). Following previous research 
within south London that suggested differences in mental health 
outcomes between Black Caribbean and Black African groups, 
the same classification was used in this study, as defined in the 
2011 Census.1718 LSOA data was used to derive a measure of 
deprivation for each individual based on area of residence and 
the Index of Multiple Deprivation (IMD; 2010, after conversion 
to 2011 LSOA values). IMD scores were divided into quintiles, 
based on deprivation scores in Lambeth.
Long-term conditions and pain
Presence of long- term conditions was assessed using the QOF 
data, which is an annual reward and incentive programme for 
all GP practices in England. It requires GPs to identify individ-
uals who meet quality targets for various long- term conditions 
such as depression, obesity and diabetes. We included in our 
analysis binary indicators (present/not present) of 15 QOF19 
conditions: depression, epilepsy, diabetes mellitus, coronary 
heart disease (CHD), chronic obstructive pulmonary disorder 
(COPD), cancer (non- specified), atrial fibrillation (AF), heart 
failure (HF), stroke, rheumatoid arthritis, obesity, serious mental 
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Table 1 Distribution of LTC in Lambeth Datanet by gender, age, self- defined ethnicity and IMD
ICd-10 chapter n/a 4 5 9 10
 demographic





 n=326 415 n=113 979 n=49 847 n=33 477 n=19 605 n=35 153
% population 100.0 34.9 15.3 10.3 6.0 10.8
  Gender   
  Male 153 228 (46.9) 33.9 13.4 8.5 6.8 10.8
  Female 173 187 (53.1) 35.8 16.9 11.8 5.3 10.8
Age (years)   
  16–20 12 945 (4.0) 20.9 6.5 4.4 0.3 11.1
  21–25 52 933 (16.2) 23.4 6.6 6.1 0.4 11.9
  26–30 72 165 (22.1) 24.8 8.0 7.6 0.7 10.9
  31–35 58 175 (17.8) 28.8 11.3 9.4 1.6 10.0
  36–40 40 271 (12.3) 35.5 16.5 11.5 3.7 9.4
  41–45 30 295 (9.3) 45.3 23.1 14.0 8.6 9.9
  46–50 25 690 (7.9) 55.0 29.5 15.8 16.0 11.0
  51–55 20 041 (6.1) 62.2 33.7 17.2 24.7 11.9
  56–60 13 900 (4.3) 69.1 36.8 17.3 34.7 12.6
Ethnicity   
  White 220 205 (67.5) 31.5 11.3 10.7 3.7 11.4
  Black African 30 512 (9.4) 47.8 31.6 7.5 15.6 6.4
  Asian 24 145 (7.4) 30.3 12.1 6.7 6.6 8.9
  Black Caribbean 16 845 (5.2) 58.5 34.5 14.6 17.3 14.8
  Mixed 15 933 (4.9) 36.6 16.3 11.2 5.5 11.6
  Other 11 144 (3.4) 29.1 16.0 7.9 4.5 5.4
  Black Other 7631 (2.3) 50.5 28.9 12.0 11.9 12.6
IMD quintile   
1 Least deprived 65 367 (20.0) 31.5 11.8 8.8 4.8 11.3
  2 64 851 (19.9) 32.9 13.2 9.7 5.1 11.0
  3 67 651 (20.7) 34.1 14.3 10.5 5.6 10.7
  4 63 672 (19.5) 37.2 17.4 11.2 7.2 10.5
5 Most deprived 64 874 (19.9) 39.1 19.7 11.2 8.5 10.4
*Coronary heart disease, atrial fibrillation, heart failure, peripheral arterial disease, stroke, transient ischaemic attack and hypertension.
†Asthma and COPD.
COPD, chronic obstructive pulmonary disorder; ICD-10, International Classification of Diseases 10; IMD, Index of Multiple Deprivation; LTC, long- term condition.
disability, hypertension and asthma. In addition, chronic pain20 
was derived based on receipt (yes/no) of any prescriptions listed 
in British National Formulary medication chapters 4.7.2 or 4.7.3 
(with repeat, repeat dispensed or automatic issue type). QOF 
conditions excluded from our analysis were smoking, palliative 
care (patients are very unlikely to be in employment), osteo-
porosis, dementia and chronic kidney disease (excluded due to 
the small numbers with these diagnoses in the age group under 
study).
QOF measures have been shown to underestimate prevalence 
of disorders in the general population due to the reliance on 
presentation to the GP for diagnosis.21 QOF diagnosis is there-
fore a specific, but not sensitive measure22 with a low false- 
positive but high false- negative rates. In this paper we applied 
QOF35 criteria, published by the Department of Health in 
October 2017. Online supplementary table 5 describes the defi-
nition of each QOF diagnosis included.
Where possible, QOF diagnoses were grouped according to 
International Classification of Diseases 10 (ICD-10) chapter group-
ings (Table 1 and supplementary table 1). ‘Respiratory’ includes 
asthma and COPD; ‘cardio’ includes CHD, AF and HF; ‘vascular’ 
includes stroke and peripheral arterial disease (PAD) and ‘cardio-
vascular’ includes CHD, AF, HF, stroke, PAD and hypertension.
Fit note
Date of FFN was derived for each participant based on digital fit 
notes issued between January 2014 and May 2017. We excluded 
fit notes issued before this period because although digital fit 
notes were introduced in 2012, they were not in widespread 
use until 2014. Due to the lack of information on prior sick-
ness certification (before January 2014), we could not determine 
whether a ‘FFN’ during the study period represented the indi-
vidual’s first ever sickness certification. The mean number of fit 
notes received per person within the 40- month period was anal-
ysed by demographic variables. Within the population given a fit 
note, every fit note has the potential to be classified as ‘maybe 
fit’. Each fit note which recommended the ‘maybe fit’ option 
was categorised as ‘1’ (‘maybe fit to work’) versus ‘0’ (‘not fit to 
work’ or ‘fit to work’) to create an indicator of receipt of ‘maybe 
fit’ note.
statistical analysis
Descriptive statistics (ie frequency, percentage, mean) were used 
to describe baseline characteristics among study patients. Risk of 
receiving a fit note over the 40- month period was analysed using 
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Fully adjusted Hr 
(95% CI)‡




Total 41 502 (12.7) 62.3 3.57 (3.95) 2 (50)
Gender Male 17 676 (11.5) 53.8 1 1 1 3.61 (3.99) 2 (48)
Female 23 826 (13.8) 70.6 1.30 (1.26 to 1.35) 1.34 (1.28 to 1.40) 1.27 (1.22 to 1.32) 3.54 (3.93) 2 (50)
Age (years) 16–20 946 (7.3) 48.9 1 1 1 2.78 (3.23) 2 (27)
21–25 4283 (8.1) 47.4 1.00 (0.89to 1.11) 1.12 (1.03 to 1.23) 1.10 (1.01 to 1.20) 2.60 (2.98) 1 (33)
26–30 6280 (8.7) 44.8 0.86 (0.76 to 0.97) 1.01 (0.92 to 1.12) 0.98 (0.89 to 1.08) 2.80 (3.24) 2 (50)
31–35 6095 (10.5) 50.3 0.94 (0.76 to 1.08) 1.11 (1.00 to 1.23) 1.05 (0.95 to 1.16) 3.16 (3.56) 2 (41)
36–40 5252 (13.0) 58.9 1.10 (0.98 to 1.23) 1.27 (1.16 to 1.38) 1.14 (1.05 to 1.25) 3.49 (3.81) 2 (38)
41–45 5023 (16.6) 71.5 1.34 (1.19 to 1.51) 1.48 (1.34 to 1.62) 1.25 (1.14 to 1.37) 3.91 (4.23) 2 (39)
46–50 5532 (21.5) 92 1.72 (1.53 to 1.94) 1.81 (1.64 to 2.00) 1.43 (1.29 to 1.57) 4.15 (4.33) 2 (48)
51–55 4762 (23.8) 101.6 1.90 (1.70 to 2.12) 1.96 (1.78 to 1.16) 1.41 (1.28 to 1.56) 4.48 (4.63) 3 (38)
56–60 3329 (24.0) 102.6 1.92 (1.73 to 2.14) 2.01 (1.83 to 2.20) 1.32 (1.20 to 1.45) 4.64 (4.49) 3 (35)
Ethnicity White 22 256 (10.1) 50.5 1 1 1 3.39 (3.74) 2 (41)
Black African 5955 (19.5) 88 1.71 (1.54 to 1.91) 1.46 (1.34 to 1.60) 1.43 (1.31 to 1.55) 3.64 (3.95) 2 (48)
Asian 2448 (10.1) 48.3 0.96 (0.83 to 1.10) 0.94 (0.82 to 1.08) 0.94 (0.83 to 1.07) 3.46 (3.86) 2 (29)
Black Caribbean 5119 (30.4) 137.5 2.65 (2.40 to 2.93) 2.16 (2.01 to 2.33) 1.94 (1.81 to 2.06) 4.49 (4.55) 3 (39)
Mixed 2494 (15.7) 81.6 1.61 (1.49 to 1.73) 1.55 (1.46 to 1.65) 1.49 (1.41 to 1.59) 3.78 (3.94) 2 (29)
Other 1425 (12.8) 63.5 1.25 (1.15 to 1.36) 1.16 (1.08 to 1.24) 1.21 (1.13 to 1.30) 3.23 (3.41) 2 (22)
Black Other 1805 (23.7) 107.8 2.10 (1.79 to 2.47) 1.83 (1.58 to 2.14) 1.70 (1.49 to 1.94) 4.36 (4.67) 2 (50)
IMD score quintiles 1 Least deprived 6263 (9.6) 47.2 1 1 1 3.12 (3.51) 2 (38)
2 6922 (10.7) 52.4 1.10 (1.04 to 1.17) 1.08 (1.02 to 1.15) 1.05 (1.00 to 1.12) 3.36 (3.89) 2 (41)
3 8227 (12.2) 60.2 1.26 (1.14 to 1.40) 1.20 (1.10 to 1.30) 1.16 (1.07 to 1.26) 3.48 (3.81) 2 (38)
4 9352 (14.7) 69.9 1.49 (1.30 to 1.71) 1.34 (1.21 to 1.50) 1.28 (1.15 to 1.41) 3.75 (4.07) 2 (50)
5 Most deprived 10 738 (16.6) 78.9 1.68 (1.49 to 1.90) 1.43 (1.30 to 1.56) 1.38 (1.23 to 1.46) 3.90 (4.20) 2 (39)
*Hazard ratios estimate a ratio of time to FFN for each demographic group compared with the first group in each category.
†Adjusted for age, gender, ethnicity and IMD score.
‡Adjusted for age, gender, ethnicity, IMD score and having a long- term condition.
§In population with a fit note.
FFN, first fit note; HR, Hazard Ratio; IMD, Index of Multiple Deprivation; QOF, Quality and Outcomes Framework.
of patients within GP practices. We included in our analyses 
each patient’s FFN during the study period. Time at risk of a 
fit note was calculated from the beginning of the study period 
(1 January 2014) or registration with a GP practice in Lambeth 
(whichever occurred later), until one of four events occurred: 
receipt of fit note, deregistered from Lambeth primary care, date 
of death or end- of- study period (30 April 2017). The latter three 
events (discharge, date of death and end of study) were treated 
as censoring events. The proportional hazards assumption was 
assessed (via Schoenfeld Residuals and visual inspection of 
Kaplan–Meier curves) and found not to be violated. The analyses 
adjusted for all study covariates, including demographic vari-
ables (age, gender and LSOA deprivation) and chronic disorders 
(eg, depression and cardiovascular conditions). The population 
attributable fraction (PAF) was calculated using the Miettinen 
formula.23 The PAF is a way of estimating the proportion of the 
incidence of fit note receipt in the population that is potentially 
attributable to ‘exposure’ to each long- term condition. Within 
the sample who received a fit note, the odds of ‘maybe fit’ use 
were analysed using logistic regression, also taking into account 
the clustering of patients within GP practices. All models were 
estimated using Stata V.15 (Stata Corporation).
resuLTs
The analytical sample included 326 415 people, after removing 
76 497 individuals with missing information on ethnicity (13.1% 
n=42 716) or IMD (6.8% n=22 282) or both 3.5% n=11 499). 
Compared with the analytical sample, excluded individuals 
(online supplementary table 3) were younger (17.6% vs 4.0% 
aged 16–20), more likely to be men (54.8% vs 46.9%), less likely 
to report at least one type of long- term condition (28.0% vs 
34.9%) and slightly less likely to have received a fit note (11.9% 
vs 12.7%). Demographic characteristics of the population are 
shown in table 1. The largest age groups were those aged 26–30 
years (22.1%) and 31–35 years (17.8%), with higher propor-
tion of women relative to men (53.1% and 46.9%, respectively). 
The largest ethnic group was White (67.5%), followed by Black 
African (9.4%).
demographic differences in fit note receipt
Fit notes were received by 41 502 people, 12.7% of the working 
age population. Table 2 presents the risk of FFN receipt by 
demographic variables. Risk of FFN was greater among women 
than men (HR 1.30, 95% CI (1.26 to 1.35)). People aged 16–40 
had a similar risk of fit note receipt, but the risk increased there-
after, with the highest risks being associated with the oldest age 
groups. Living in an area with higher deprivation was associated 
with increased risk of fit note receipt (HR 1.68, 95% CI (1.49 
to 1.90)). These findings persisted after mutually controlling for 
all demographic variables (partially adjusted model) and long- 
term conditions (fully adjusted model), though the associations 
between FFN and gender, age, ethnic group and deprivation 
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When looking at all fit notes, rather than the FFN, we found 
that the mean number of fit notes per person also varied by age, 
ethnicity and deprivation. Older individuals, those representing 
Black Caribbean, Black- Other or Mixed ethnic groups, and 
the most deprived quintile received on average more fit notes. 
Regarding the type of fit note received, the ‘maybe fit’ option 
was recommended to 6139 (14.8%) of people receiving a fit 
note (table 3). ‘Maybe fit’ was more commonly recommended to 
women (HR 1.10, 95% CI (1.04 to 1.16)), the Black Caribbean 
group (1.14, 95% CI 1.04 to 1.25)), and people over 20 years of 
age. No association emerged between area deprivation and use 
of the ‘maybe fit’ option. There was no difference in ‘maybe fit’ 
use by deprivation.
demographic differences in diagnosis of long-term conditions
Table 1 and online supplementary table 1 show the distribu-
tion of long- term conditions by demographic variables. Women 
presented with a higher prevalence of any long- term condition 
compared with men (53.1% vs 46.9%). Prevalence of long- term 
conditions increased with age. The ethnic groups with low fit 
note use (Asian and Other and White) were less likely to have 
a long- term condition than the Black African, Black Caribbean 
Black- Other and Mixed ethnic groups. Patients with missing 
ethnicity were least likely to have a QOF diagnosis. There was a 
linear association between long- term conditions and living in a 
more deprived area. The three most common long- term condi-
tions were obesity (15.3%), respiratory disease (10.8%) and 
depression (10.3%). Individual long- term conditions showed 
somewhat different patterns with demographic variables. For 
example, while cardiovascular disease, obesity and depression 
became more prevalent with increasing age, respiratory disease 
was common across age groups. The full list of long- term condi-
tions by demographic distribution is shown in online supplemen-
tary table 1.
Long-term conditions and risk of fit note receipt
Table 4 shows the risk of FFN receipt by diagnostic groups, 
stratified by age groups. Overall, individuals with a long- term 
condition were at greater risk of receiving a fit note than those 
without. After adjustment for age, sex, ethnicity and area depri-
vation, for virtually every age group, presence of a long- term 
condition was associated with a twofold to threefold increase 
in fit note receipt compared with those without. In the group 
aged 16–40 years, the highest risk of fit note receipt was among 
people with chronic pain, depression, vascular disease and SMI. 
In the older age groups, risk of FFN receipt was highest among 
people with depression, chronic pain, rheumatoid arthritis and 
vascular disease. In the fully adjusted model, chronic pain (HR 
3.7, 95% CI (3.3 to 4.0)) and depression (3.4, 95% CI (3.3 to 
3.6)) had the highest HR for FFN receipt.
The final column in table 4 shows the PAF of long- term condi-
tions. Depression had the highest PAF for fit note use overall 
(17.5%) and for younger age groups (15.3% age 16–40, 19.6% 
age 41–50). Obesity had the highest PAF for people age 51–60 
(23.0%).
Table 5 shows the odds of receiving a ‘maybe fit’ recommen-
dation among individuals who received a fit note. Use of the 
‘maybe fit’ option was lower among individuals with epilepsy 
(HR 0.73, 95% CI (0.56 to 0.94)) and serious mental illness 
(HR 0.53, 95% CI (0.43 to 0.66)) than people with no long- 
term conditions. For the remaining 11 diagnoses, there was no 
association between diagnosis and use of the ‘maybe fit’ option.
dIsCussIOn
For the first time, we show the associations between fit note 
receipt and long- term conditions using individual- level data in 
a large and diverse population. We found substantial differences 
in fit note receipt by gender, age, ethnicity and area- level depri-
vation. While positive associations between fit note receipt, age 
and deprivation are to be expected, the association of fit note 
receipt with ethnicity requires further explanation. Even after 
accounting for differences in long- term conditions and area- 
level deprivation, all minority ethnic groups except the Asian 
group experienced increased fit note receipt. Evidence suggests 
that socioeconomic inequalities are drivers of health inequalities, 
rather than inequalities in access to primary care.24 25 Area- level 
deprivation is a proxy measure of individual deprivation levels, 
if individual- level socioeconomic status had been available 
differences between ethnic groups may have been further atten-
uated. Similarly, we relied on diagnosis of QOF long- term condi-
tions when other causes of ill health may have been driving the 
differences between ethnic groups, for example mental health 
symptoms which do not meet criteria or threshold for long- term 
conditions such as low mood or stress.
Fit note receipt is likely to be influenced by non- health factors 
associated with sickness absence—for example, related to employ-
ment (job type, security, management style, work environment), 
past experiences of sickness (perceptions of vulnerability) or 
pressures outside of work (eg, caring responsibilities, financial 
difficulties).2 26–29 While 85% of working age Lambeth residents 
from White ethnic groups are employed, only 66% of Blackand 
minority ethnic (BME) working age residents in Lambeth are in 
employment.13 Although unemployed patients may still require a 
fit note to apply for long- term sickness benefits, only a minority of 
fit notes are used for benefit applications.30 Higher unemployment 
might imply that we would find a lower risk of fit note receipt in 
the BME population because they are less likely in need to present 
sickness certification to an employer. However, employment type 
varies by ethnicity and national studies suggest that some ethnic 
groups, in particular the Black Caribbean group, are more likely 
to be in care- providing, low- skilled26 and precarious work.31 Low- 
skilled work is associated with low job control, lower satisfaction, 
financial difficulties and increased sickness absence.32–34 Precar-
ious employment has been found to be associated with higher 
injury risks, disease risk, hazard exposures and lower worker and 
manager knowledge of occupational health services (OHS) and 
regulatory responsibilities.33 35–37 Employers with less awareness 
of OHS may be more likely to request a fit note before the seven 
official days and less likely to adapt to employees during periods 
of illness, leading unwell employees to require longer periods 
of sickness absence which entail fit note use.2 Unsupportive, 
demanding and precarious employment, coupled with higher risks 
of long- term conditions, may contribute to the increased risk of 
FFN receipt among the Black African, Black Caribbean and Black- 
Other populations which we find in this study.
We demonstrate the relative contribution of different long- 
term conditions to the risk of fit note receipt. While virtually all 
long- term conditions were associated with increased risk of fit 
note receipt, the largest increases were observed for chronic pain 
and depression. Consistent with the international literature on 
the enormous impact of depression on work,38–40 depression had 
the highest overall PAF for FFN use indicating that in population 
terms it is the most important diagnosis in determining fit note 
use. Obesity was also observed to have a strong association with 







ebruary 22, 2021 at H








ed: first published as 10.1136/oem






















































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































ebruary 22, 2021 at H








ed: first published as 10.1136/oem





424 Dorrington S, et al. Occup Environ Med 2020;77:418–426. doi:10.1136/oemed-2019-106035
Practice
Table 4 Risk of FFN receipt by LTC stratified by age group
LTC; by age in years n (%) 326 415 n people with FFn since 2014 rate FFn per 1000 Hr*(95% CI) Adjusted hazard ratio (95% CI)† PAF§
No LTC 212 436 (65.1) 16 647 (7.8) 39.1 1 1 0.0%
  16–40 172 445 (72.9) 11 903 (6.9) 36.1 1 1 0.0%
  41–50 28 130 (50.3) 3136 (11.2) 46.9 1 1 0.0%
  51–60 11 861 (35.0) 1608 (13.6) 56.0 1 1 0.0%
Depression 33 477 (10.3) 10 271 (30.7) 155.8 3.9 (3.7 to 4.1) 3.4 (3.3 to 3.6) 17.5%
  16–40 19 312 (8.2) 5060 (26.2) 141.3 3.8 (3.7 to 4.0) 3.6 (3.5 to 3.8) 15.3%
  41–50 8312 (14.9) 2965 (35.7) 168 3.5 (3.3 to 3.7) 3.3 (3.1 to 3.5) 19.6%
  51–60 5853 (17.2) 2246 (38.4) 179.7 3.1 (2.8 to 3.3) 2.9 (2.7 to 3.2) 18.2%
Cancer 3557 (1.1) 1138 (32.0) 150.5 3.8 (3.4 to 4.2) 3.0 (2.7 to 3.3) 1.8%
  16–40 1050 (0.4) 231 (22.0) 110.8 3.0 (2.6 to 3.5) 3.1 (2.7 to 3.5) 0.7%
  41–50 998 (1.8) 386 (38.7) 182.4 3.8 (3.3 to 4.4) 3.5 (3.1 to 4.0) 2.6%
  51–60 1509 (4.5) 521 (34.5) 155 2.7 (2.4 to 3.0) 2.5 (2.2 to 2.9) 3.9%
Obesity 49 847 (15.3) 11 821 (23.7) 108.6 2.7 (2.5 to 2.9) 2.1 (2.0 to 2.2) 14.9%
  16–40 23 396 (9.9) 4356 (18.6) 90.3 2.5 (2.3 to 2.7) 2.0 (1.9 to 2.2) 9.1%
  41–50 14 594 (26.1) 3915 (26.8) 117.4 2.5 (2.3 to 2.7) 2.1 (2.0 to 2.2) 19.4%
  51–60 11 857 (34.9) 3550 (29.9) 130.3 2.3 (2.1 to 2.5) 2.1 (1.9 to 2.2) 23.0%
Diabetes‡ 9.946 (3.1) 2830 (28.5) 128.8 3.2 (2.9 to 3.6) 2.2 (2.1 to 2.4) 3.7%
  16–40 2036 (0.9) 408 (20.0) 101.6 2.8 (2.5 to 3.1) 2.4 (2.1 to 2.7) 1.0%
  41–50 3258 (5.8) 940 (28.9) 126.6 2.7 (2.4 to 3.0) 2.2 (2.0 to 2.5) 4.9%
  51–60 4652 (13.7) 1482 (31.9) 140.6 2.5 (2.2 to 2.7) 2.3 (2.1 to 2.5) 10.4%
SMI 4598 (1.4) 1227 (26.7) 126.8 3.2 (2.9 to 3.5) 2.4 (2.2 to 2.6) 1.7%
  16–40 2169 (0.9) 615 (28.4) 154.1 4.2 (3.8 to 4.7) 3.3 (3.0 to 3.7) 1.8%
  41–50 1357 (2.4) 376 (27.7) 122.6 2.6 (2.3 to 3.0) 2.1 (1.9 to 2.4) 1.9%
  51–60 1072 (3.2) 236 (22.0) 90.1 1.6 (1.4 to 1.9) 1.4 (1.2 to 1.7) 0.8%
Cardio 1144 (0.4) 379 (31.4) 147.6 3.7 (3.3 to 4.2) 2.8 (2.5 to 3.3) 0.6%
  16–40 211 (0.1) 49 (23.2) 117.3 3.2 (2.4 to 4.3) 2.8 (2.1 to 3.7) 0.1%
  41–50 331 (0.6) 117 (35.4) 175.8 3.7 (3.0 to 4.5) 3.3 (2.7 to 4.1) 0.8%
  51–60 602 (1.8) 193 (32.1) 143.1 2.5 (2.1 to 3.0) 2.5 (2.1 to 3.0) 1.4%
Vascular 1474 (0.5) 534 (36.2) 172.5 4.3 (3.9 to 4.8) 3.0 (2.7 to 3.4) 0.9%
  16–40 203 (0.1) 62 (30.5) 151.1 4.1 (3.1 to 5.5) 3.4 (2.5 to 4.6) 0.2%
  41–50 408 (0.7) 169 (41.4) 212.6 4.4 (3.7 to 5.3) 3.7 (3.0 to 4.5) 1.2%
  51–60 863 (2.5) 303 (35.1) 160.2 2.8 (2.4 to 3.2) 2.6 (2.3 to 3.0) 2.5%
Respiratory 35 153 (10.8) 6156 (17.5) 85.0 2.2 (2.1 to 2.3) 2.0 (1.9 to 2.0) 7.4%
  16–40 25 188 (10.7) 3214 (12.8) 65.0 1.8 (1.7 to 1.9) 1.7 (1.7 to 1.8) 5.5%
  41–50 5828 (10.4) 1566 (26.9) 116.4 2.4 (2.3 to 2.6) 2.3 (2.1 to 2.4) 8.4%
  51–60 4137 (12.2) 1376 (33.3) 147.4 2.6 (2.3 to 2.8) 2.3 (2.1 to 2.5) 9.6%
Chronic pain 4550 (1.4) 1870 (41.1) 201.3 5.0 (4.5 to 5.5) 3.7 (3.3 to 4.0) 3.3%
  16–40 990 (0.4) 412 (41.6) 221.1 6.0 (5.2 to 6.8) 4.8 (4.3 to 5.5) 1.4%
  41–50 1568 (2.8) 671 (42.8) 212.3 4.4 (3.9 to 4.9) 3.7 (3.4 to 4.1) 4.6%
  51–60 1992 (5.9) 787 (39.5) 184.4 3.2 (2.8 to 3.6) 2.9 (2.6 to 3.3) 6.4%
LD 839 (0.3) 170 (20.3) 81.4 2.1 (1.6 to 2.6) 1.5 (1.2 to 1.8) 0.1%
  16–40 432 (0.2) 92 (21.3) 89.0 2.4 (1.9 to 3.2) 1.8 (1.4 to 2.4) 0.2%
  41–50 229 (0.4) 48 (21.0) 84.1 1.8 (1.3 to 2.4) 1.4 (1.0 to 1.8) 0.1%
  51–60 178 (0.5) 30 (16.9) 62.1 1.1 (0.8 to 1.5) 1.0 (0.7 to 1.3) 0.0%
Epilepsy 2298 (0.7) 574 (25.0) 117.9 3.0 (2.7 to 3.3) 2.6 (2.3 to 2.9) 0.9%
  16–40 1254 (0.5) 266 (21.2) 107.3 2.9 (2.6 to 3.3) 2.8 (2.5 to 3.2) 0.7%
  41–50 583 (1.0) 170 (29.2) 130.5 2.7 (2.3 to 3.3) 2.5 (2.0 to 3.0) 1.0%
  51–60 461 (1.4) 138 (29.9) 127.3 2.2 (1.9 to 2.7) 2.2 (1.8 to 2.6) 0.9%
RA 827 (0.3) 258 (31.2) 146.5 3.7 (3.3 to 4.1) 2.6 (2.3 to 3.0) 0.4%
  16–40 257 (0.1) 58 (22.6) 111.6 3.1 (2.4 to 4.0) 2.6 (2.0 to 3.5) 0.2%
  41–50 243 (0.4) 79 (32.5) 148.5 3.1 (2.5 to 3.9) 2.7 (2.1 to 3.4) 0.5%
  51–60 327 (1.0) 121 (37.0) 170.6 3.0 (2.4 to 3.7) 2.6 (2.0 to 3.2) 0.9%
Hypertension 18 190 (5.6) 5400 (29.7) 131.6 3.3 (3.1 to 3.5) 2.2 (2.1 to 2.4) 7.1%
  16–40 2765 (1.2) 642 (23.2) 110.1 3.0 (2.7 to 3.3) 2.3 (2.2 to 2.5) 1.5%
  41–50 6270 (11.2) 1867 (29.8) 130.7 2.8 (2.5 to 3.0) 2.2 (2.1 to 2.4) 9.6%
  51–60 9155 (27.0) 2891 (31.6) 138.2 2.4 (2.2 to 2.6) 2.2 (2.0 to 2.4) 19.5%
*Hazard ratios estimate a ratio of time to FFN for groups with a LTC compared with the group with no LTC.
†Adjusted for age, sex, ethnicity and deprivation.
‡Diabetes type 2;
§PAF estimates the proportion of the incidence of fit note receipt that is potentially attributable to having the LTC.
Cardio, coronary heart disease, atrial fibrillation and heart failure; FFN, first fit note; LD, disability; LTC, long- term condition; PAF, population attributable fraction; RA, rheumatoid arthritis; SMI, serious mental illness; 






ebruary 22, 2021 at H








ed: first published as 10.1136/oem





425Dorrington S, et al. Occup Environ Med 2020;77:418–426. doi:10.1136/oemed-2019-106035
Practice
Table 5 Maybe fit recommendation among people who receive a fit note by LTC
LTC n people with FFn since 2014 number of MbF (%) Or (95% CI) Adjusted Or* (95% CI)
No LTC 16 647 2446 (14.7) 1.00 1.00
Depression 10 271 1479 (14.4) 0.97 (0.91 to 1.05) 0.96 (0.89 to 1.03)
Obesity 11 821 1823 (15.4) 1.05 (0.98 to 1.13) 1.04 (0.97 to 1.13)
Respiratory 6156 924 (15.0) 1.02 (0.92 to 1.14) 1.01 (0.91 to 1.13)
Diabetes† 2830 385 (13.6) 0.91 (0.81 to 1.03) 0.88 (0.77 to 1.00)
Vascular 534 84 (15.7) 1.08 (0.85 to 1.37) 1.04 (0.82 to 1.32)
Cardio 359 49 (13.7) 0.91 (0.70 to 1.20) 0.88 (0.68 to 1.14)
SMI 1227 104 (8.5) 0.54 (0.43 to 0.67) 0.53 (0.43 to 0.66)
Chronic pain 1870 274 (14.7) 0.99 (0.87 to 1.13) 0.97 (0.85 to 1.12)
Cancer 1138 180 (15.8) 1.09 (0.93 to 1.27) 1.05 (0.89 to 1.26)
Epilepsy 574 65 (11.3) 0.74 (0.58 to 0.94) 0.73 (0.56 to 0.94)
Rheumatoid arthritis 258 29 (11.2) 0.73 (0.47 to 1.14) 0.70 (0.45 to 1.10)
Learning disability 170 17 (10.0) 0.64 (0.40 to 1.03) 0.64 (0.40 to 1.02)
Hypertension 5400 805 (14.9) 1.02 (0.93 to 1.11) 0.98 (0.90 to 1.07)
*Adjusted for age, sex, ethnicity and deprivation.
†Diabetes type 2.
Cardio, coronary heart disease, atrial fibrillation and heart failure ; FFN, first fit note; LTC, long- term condition; MBF, maybe fit recommendation on a fit note; OR, Odds Ratio; SMI, 
serious mental illness ; Vascular, peripheral arterial disease, stroke and transient ischaemia.
We note relatively low use of ‘maybe fit’ recommendations 
which are in effect a voluntary system to encourage employers 
and employees to consider adjustments. The lack of legal status 
of ‘maybe fit’ may contribute to its low use. National studies 
have found ‘maybe fit’ recommendations to be higher in areas of 
lower deprivation. We did not find trends in ‘maybe fit’ use by 
area- level deprivation, but consistent with previous studies we 
found ‘maybe fit’ use was higher among women.6 Previous studies 
have found that individuals with mental disorders, including 
fit note prescriptions for stress and low mood, are associated 
with reduced ‘maybe fit’ use.6 We found SMI and epilepsy were 
associated with reduced ‘maybe fit’ use. This might suggest that 
the doctors prescribing the fit note view occupational impair-
ments resulting from such diagnoses as relatively immutable. By 
contrast, depression was not associated with ‘maybe fit’ use.
Limitations
While our analysis of complete population data at an individual- 
level (rather than aggregated) improves on previous data sets 
used in this field, there are inevitable limitations in using such 
routine clinical data. We were limited to a single geographical 
area for which we had GP data. This had the benefit of providing 
information on virtually all individuals seeking help within 
that population, but it had the disadvantage of a possible loss 
of generalisability, and our findings should be tested in other 
areas. While we included all patients who were registered with 
GPs in Lambeth, this is not the same as all people residents in 
Lambeth—some of the individuals in our study lived outside 
the Borough’s boundaries but they were registered with GPs 
in Lambeth, and it is likely that some Lambeth residents were 
not included because they were registered with GPs from neigh-
bouring boroughs. As the neighbouring populations are some-
what similar and this is likely to affect only the population at 
the boundaries of the borough, we suggest that this is unlikely to 
impact our main findings. We were unable to explore contextual 
factors such as the nature of employment, educational level or 
benefit information, making it impossible to ascertain whether 
fit notes were issued for individuals in work versus those already 
out of work who were applying for health benefits. Furthermore, 
we did not know the occupational status of individuals within 
the population—for example whether they were unemployed, 
retired or in full- time education. We did not have access to sick-
ness certification before the start of our study window, therefore 
our results do not represent lifetime FFN. If we were able to 
access information on lifetime FFN we would expect to see a 
shift towards younger age groups, and an increase in diagnosis, 
such as depression, associated with younger age groups. We could 
not determine the proportion of people who do not receive a fit 
note despite being ill—either due to relaxed work policies or 
because they feel unable to take time off work. Furthermore, 
long- term conditions were assessed using QOF which provides 
incomplete diagnostic information and we were unable to access 
information on the reason the GP gave for giving the fit note, 
because free text data extraction is not permitted from anony-
mised primary care data sets. Despite these limitations, to our 
knowledge, this is the largest study to analyse fit note use and 
long- term conditions using individual- level clinical data.
IMPLICATIOns
This paper finds wide variation in fit note use by demographic 
variables and long- term conditions. It also highlights gaps in 
our knowledge about fit note use and the challenges of studying 
occupational outcomes using routine health data. Our under-
standing would be improved if future cohort data sets and data 
linkages included information on fit note receipt and occupation. 
Research is needed to improve our knowledge of the occupa-
tional health needs of the population that the fit note is designed 
to support. Such analyses are required in order to evaluate the 
relatively new policy which fit notes represent.
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